Advances in Applied Mathematics N FHEt223E g, 2016, 5(2), 214-224 Hans X
Published Online May 2016 in Hans. http://www.hanspub.org/journal/aam
http://dx.doi.org/10.12677/aam.2016.52028

Analysis of Electric Load Data Based on Time
Series

Shuo Yuan, Liding Chen, Guopeng Sun, Jinguan Lin*
Department of Mathematics, Southeast University, Nanjing Jiangsu
Email: “jglin@seu.edu.cn

Received: Apr. 23", 2016; accepted: May 10", 2016; published: May 13", 2016

Copyright © 2016 by authors and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY).
http://creativecommons.org/licenses/by/4.0/

Abstract

Time series analysis method is one of the important tools in the field of power load forecasting. It
mainly describes the law of the historical data dynamic change over time to predict the future
value by establishing a relevant model. In this paper, Winter’s exponential smoothing method and
seasonal ARIMA model are applied to model estimating on the power load data, and the authors
use the Mean Absolute Percentage Error (MAPE) to measure the accuracy. The results prove that
both of them have high fitting and forecasting precision.
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Figure 1. Original values of electric power load from May 1, 2013 to May 11, 2013
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Figure 2. Seasonal difference plot of the previous ten days
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Figure 3. Comparison of predicted values and original values on May 11th.
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Figure 4. Comparison of predicted values and original values on May 11th.
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