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Abstract

The real estate market has the characteristics of multi influence factors and nonlinear fluctuations.
With the further increase of the availability of relevant data information, the frequency difference
and mutual interference between the factors cannot be ignored. Based on the existing research,
we considered both the Baidu index with strong timeliness and related indicators of the real es-
tate market with high relevance; we built the MIDAS model to solve the problem of frequency dif-
ference between Baidu index and real estate prosperity index, and established an optional pack-
ing and screening model random forests for the selection of features. Finally, based on the hybrid
kernel SVR, we further modified the MIDAS prediction results. The empirical results showed that
the model made full use of the mixed data information and also met the characteristics of the non-
linear fluctuations in the real estate market. The proposed model improved both the accuracy of
forecasting and the volatility of the error.
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Figure 1. Package filtering based on random forest
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Figure 3. Impact indicators of real estate market
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Table 1. Prediction results of multivariate and univariate MIDAS models
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RMSE 5.14 8.62 6.16 7.38 9.55 13.21 12.56
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Table 2. Prediction results of optimization and comparison models

= 2. MR RTINS R

R — B = B = R
IS [A] SR E

TE AE T AE T AE TME AE
2016/07 94.01 92.48 0.016 94.60 0.006 93.17 0.009 93.12 0.009
2016/08 93.7 92.58 0.012 93.96 0.003 93.31 0.004 93.06 0.007
2016/09 94.05 93.59 0.005 93.52 0.006 93.28 0.008 93.03 0.011
2016/10 94.1 93.96 0.001 94.19 0.001 93.18 0.010 92.82 0.014
2016/11 94.04 93.82 0.002 94.77 0.008 93.39 0.007 92.74 0.014
2016/12 94.08 96.01 0.021 94.19 0.001 96.62 0.027 96.46 0.025
2017/01 100 96.65 0.034 93.77 0.062 97.09 0.029 96.80 0.032
2017/02 100.78 96.00 0.038 94.88 0.059 97.61 0.031 97.58 0.032
2017/03 101.13 96.96 0.041 95.16 0.059 97.90 0.032 97.11 0.040
2017/04 101.23 95.90 0.053 97.92 0.033 97.79 0.034 96.12 0.050
2017/05 101.18 96.73 0.044 95.05 0.061 98.05 0.031 96.56 0.046
2017/06 101.37 95.71 0.055 94.50 0.068 97.97 0.034 96.92 0.044
2017/07 101.42 95.12 0.062 95.82 0.055 97.98 0.034 97.07 0.043
2017/08 101.42 96.85 0.045 93.43 0.079 98.10 0.033 97.33 0.040
2017/09 101.44 96.80 0.046 94.63 0.067 98.14 0.033 97.29 0.041
2017/10 101.49 96.83 0.046 94.89 0.065 98.45 0.030 97.69 0.037
2017/11 101.63 97.05 0.045 94.84 0.067 98.77 0.028 97.96 0.036
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RMSE 3.92 RMSE 5.27 RMSE 2.73 RMSE 3.44
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