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Abstract: Many skills of the natural life are gradually formed and developed during growth and development of indi-
vidual organisms. Can a machine be endowed with such characteristics? With the aim, this paper builds a sensorimotor
system based on BP neural network for robot. The robot communicates with the environment, and learns negative pho-
totaxis. Experiment indicates that the robot with a sensorimotor system based on BP neural network can realize negative
phototaxis through several steps of learning, which is the same as the natural life.
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Figure 1. Sructure of the biological sensor-motor system
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Figure 2. Sensorimotor system based on BP
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Fgiure 3. Learning flowchart for negative-phototaxis
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Figure4. Motion trajectory of the desktop robot
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Figure 6. Robot learning M SE of negative phototaxis
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