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Abstract

Coal watering and dust reduction are of great significance to the clean utilization of coal and the
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realization of green energy ports, and the wind speed, humidity and temperature of the port sto-
rage yard are the main factors that affect the change of the moisture content of the coal stacks.
Based on the main weather factors such as temperature, humidity and wind that affect the change
of coal moisture content, this paper studies a moisture content prediction method based on deep
learning. This method establishes a LSTM recurrent neural network coal moisture content predic-
tion model, and collects and processes the Huanghua Port. Through the fusion processing of the
collected port weather data and the surface water content data of different coal piles, the LSTM
model is used to train the training data set to test the test data set. The research results show that
by using this data-driven method, a smart sprinkling plan that saves manpower and water re-
sources can be developed, which can save port water, reduce sewage, and improve the efficiency of
clean coal utilization, which is beneficial to the construction of a green ecological port. important
meaning.
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Figure 1. Flow chart of moisture content prediction and smart sprinkling and dust
suppression
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Figure 2. Calculation model based on LSTM state
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Figure 3. The workflow of building a model
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Figure 4. The neural network structure of the Dropout method
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Figure 5. MSE convergence curve of the model
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Figure 6. Comparison between the predicted value of the LSTM model and the true value
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