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Abstract: The spatial clustering is an important tool for analyzing spatial data. Clusters in the spatial database may be
of arbitrary shape e.g. spherical, drawn-out, linear, elongated etc. Therefore, to discover clusters of arbitrary shape be an
important quality standard for spatial clustering algorithm. In this paper, we present a spatial clustering algorithm based
on the nearest distance distribution, the algorithm is based on a reasonable assumption that in the particular part of data
space, points within same cluster are uniformly distributed. Experimental analysis shows that the method can discover
clusters of arbitrary shape and it is efficient and useful for large spatial database.
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Figure 1. Discover clusters of arbitrary shape
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