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Abstract: Decision tree is an important means of data mining. It has a wide range of applications in data mining knowl-
edge discovery. The paper uses SQL Server Business Intelligence Development Studio platform. Using decision tree
data model, we can draw decision tree. At last, we analyse and predict the results, so that we draw a more ideal conclu-
sion.
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Figure 1. Flow chart
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Figure 3. The result of decision tree
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Figure 4. Model lift chart
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