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Abstract: According to the TF-IDF extract algorithm, this paper proposes a new extraction algorithm based on the
words frequency statistics. Combining with sections mark technology, this algorithm assigns corresponding position
weight to the words located in different position and calculates the words similarities with the same parts of speech
which have a high counter in the result of the word segmentation, then merge the words with a higher similarity, finally
we get the keyword sorted by the weight via the TF-IWF algorithm. This method optimized the traditional Chinese
keyword extract algorithm, which take little notice of the higher similarity words, and lead to low-accuracy. The results
show the new approach has better algorithm performance compared with the previous TF-IDF algorithm and the key-
words set extracted can generally express the content of the article.
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Figure 1. Algorithm flow chart of keyword extraction
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Table 1. Results comparison of keyword extraction between the algo-
rithm proposed in this paper and the traditional one (TF, TF-IDF)

R 1. RCEEME G EZ(TF, TF-IDF)XRIRRIME R L

Jridtaks i ES FEIEE S

SIS KR TF

TF-IDF A 5% TF  TF-IDF A3 5%

Economy (10) 0390  0.376 0.413  0.610  0.665 0.703
Politics (10) ~ 0.332  0.328 0.347  0.643  0.641 0.670
Sports (10) 0.304 0312 0.331 0.612 0.632  0.655

Law (10) 0.330 0.321 0.371 0.569 0.590  0.618

Education (10) 0.346  0.348 0.351 0.611 0.649  0.691
History (10) ~ 0.402  0.410 0.433  0.671  0.680 0.711

Transport (10)  0.309  0.311 0379 0588 0.576  0.619

Environment (10) 0.360  0.356 0379 0581 0.602  0.692
Energy (10) 0.368  0.381 0399  0.610 0.656  0.728

Space (10) 0.345  0.361 0.481 0.673  0.645 0.771

Table 2. The average accurate rate and the recall rate among the
three approaches
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