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Abstract

Thangka is an art of decorative painting with religious themes. It emphasizes contrast in color,
pays attention to rich colors, and pursues resplendent effects. These brilliant colors give people
visual impact and spiritual shock. Its original mission is to serve religion, draw materials from
scriptures, and become exquisite works of art through exquisite painting. The content, color,
shape and many other aspects of Thangka also provide a variety of reference for today’s develop-
ment of painting art, but it is profound and difficult to copy. Image style transfer refers to the gen-
eration of style transfer map with both content and artistic style features by using the given con-
tent map and style map. The deep learning technology based on neural network promotes the re-
search of image style transfer. This paper analyzes the color features of Thangka with the help of
the depth neural network method which is developing rapidly in the field of vision, and extracts
the color features of Thangka, which provides a new method for the research of the overall style
transfer of Thangka. Using this method to conduct experiment on image data, this method can
realize all style transfer of Thangka efficiently, quickly and naturally.
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Figure 1. Colorful Thangka
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Figure 2. Example of convolution kernel operation
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Figure 3. Image features change with network depth
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Figure 4. Examples of Thangka style extraction. (a) Thangka style extraction source
image, (b) Input landscape image, (c) Thangka color feature landscape image
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