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Abstract

In order to effectively overcome the limitations of traditional financial forecasting methods and
further improve the accuracy of financial situation prediction, a financial combination forecasting
method based on Adaboost algorithm and Elman neural network is proposed. This method makes
full use of the dynamic characteristics of Elman network and Adaboost algorithm can improve the
accuracy of weak predictors to improve the accuracy of prediction. Through the analysis of the fi-
nancial data of a listed company, the results show that the method proposed in this paper is eco-
nomical and effective, improves the prediction accuracy to a great extent, and can reflect the crisis
state of financial data timely and reasonably.
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Figure 1. Elman network structure
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Figure 2. Elman_Adaboost algorithm model
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7 1 10,000 6 1 2 97,000 60 1 3 39 1

8 2 5000 8 1 2 8136 36 2 3 39 1

9 2 4200 2 1 1 63,000 36 1 3 39 -1
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Figure 3. Elman Adaboost network training curve
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Figure 4. Accuracy of strong predictor under different K and H
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Table 2. Prediction accuracy
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10 94.7% 96.3% 95.7% 94.7% 93.5%
15 94.1% 95.4% 94.7% 94.2% 94.0%
20 93.4% 95.7% 94.4% 94.1% 93.7%
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Figure 5. Comparison between forecast category and actual category
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Figure 6. Comparison between forecast category and actual category
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Table 3. Prediction accuracy of each network algorithm
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