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Abstract

In the process of continuous in-depth promotion of smart city construction, intelligent video anal-
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ysis technology has been widely used in urban public safety management, city appearance man-
agement and off-site supervision and other scenarios. With the “Xueliang project” video surveil-
lance project in a large area of the country, one, two, three types of monitoring points have been
able to cover most of the urban public areas. The convergence of video data access and intelligent
analysis of a large number of video surveillance cameras put forward higher requirements for the
original video surveillance system. With the continuous upgrading of artificial intelligence algo-
rithm architecture and the gradual maturation of technologies such as pre-training large models,
greater challenges have been brought to platform resource scheduling capabilities and peak con-
currency capabilities. This paper focuses on the introduction of Inspur video Al analysis platform,
which realizes real-time analysis of millions of video data, saves 90% of computing resources and
real-time scheduling of intelligent analysis tasks through the distributed architecture of cloud
edge collaboration, which can ensure the quality of intelligent video analysis service while reduc-
ing resource consumption and meeting the needs of practical applications.
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Figure 1. Functional architecture diagram of the video Al analysis platform
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Figure 2. Technical architecture diagram of video Al analysis platform
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Figure 3. Key frame decoding flow diagram
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Figure 4. Technology architecture of video analysis center
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Figure 5. Service processing flow of the intelligent awareness center
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