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Abstract

Based on an efficient and complex xgboost algorithm, a classification prediction model was con-
structed to train and test the daily transaction data of international futures in the past three years.
The model traverses all parameter combinations through the reference tool to obtain the optimal
parameters. Then, it is compared with decision tree, random forest, support vector machine algo-
rithm, and combined with multiple evaluation indicators for comprehensive evaluation. Experi-
ments show that the indicators of the model constructed by the xgboost algorithm are higher than
other algorithms, and the overall prediction ability is better. At the same time, it also provides an
effective new method for forecasting futures prices.
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Table 1. Introduction to the characteristics of the data set
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Table 2. Correlation coefficient between attributes
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Table 3. List of best parameters
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Figure 1. Characteristic variable importance score
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