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Abstract

The outbreak and ravages of the new crown epidemic have aroused the attention of the masses,
and related topics on the Internet have continued to rise. How to use computer methods and data
analysis algorithms to accurately identify hot news and epidemic topics, dig out topics of public
concern, and analyze the trend of public opinion is of great importance. In this paper, a “new
crown pneumonia epidemic” public opinion analysis method based on GSDMM theme mining is
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proposed, which uses data preprocessing, feature extraction, and word cloud visualization tech-
nology to mine the hot topics of target data, and then uses GSDMM theme model and cluster analy-
sis to analyze and mine target data. Through the in-depth research of the GSDMM short text clus-
tering algorithm for the People’s Network, we have obtained information that everyone has al-
ways been very concerned about the epidemic situation and economic situation in China and the
world. The hot topics of the pneumonia epidemic include epidemic situation, prevention and con-
trol, work, pneumonia, patients, etc.
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Table 1. People’s news network novel coronavirus news statistics table
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Figure 1. “Epidemic” news theme word cloud map
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Figure 2. A graphical representation of
the probability model of the DMM
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Figure 3. Hierarchical clustering treemap with a weight dataset example
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Figure 4. Hierarchical clustering dendrogram

Bl 4. RREBEAERRE

MR AR I 0 7> 45 R A& BV SR BEAT R RO IE . ARLA JFSEALBE, 15 3RR 2> 45 R T LR
BUr WL W 72 DX RN, I 29 DRSNS R T E R AF NI IR
2% L3R MRS TR SEHE TG DL, 5 RN GORAR K BIRITIRG Bl & ()

4. &5t

T, FATE I TCRE A KT A 142 o 03 IR SOCAE B AT B WA 25, AT 501
BORBONTF T SRR LRI W = B T e A i, 1580 “Bets” , “Pife” . “TAR”, “Ji
R, CBEY FWEIEE . H GSDMM BB Z IR 45 2 R AT R Sl A S TR
Bz PEECRE B =R, fa (8 B ror A 0T I8 SR 70 e s 18 SE e A B e 17
PR,

ARSI X AR U AT I SCAR K B AR B, BATABURT “Bifasetl, IR ERNE " 3RE4EUT Ll
We — REFIEFKI DI EIE S . R BOREA,, FUREPIRRE A, SRR R Bl R
LB, W E T AR IRIE . B SiE B A ARRT,  SIWASANA TR B TARROT RS, I3
Ry, HEMRMHE 2 AR E .

T SRTE AU 2O o R SR AR B 5 A AT B SR A S BRI R
Lot RAGRUR AR B, IE#E AR RIS, 5| SRRSO, fAidd b, R T RS AR

DOI: 10.12677/hjdm.2022.122013 121 EAETaE rati]


https://doi.org/10.12677/hjdm.2022.122013

e, BiE

Y.
= InBRPEE N AR LR . A O Z B R B AR TR E A, KA HL], i
ZRHERN . AM, lF 2 RE. ZIRIK. &U56L SRR DA E AL TAE, SR A AR %

=7
=il

B30
(11 #FE, s, 2, TR ST 2 A 8 A (08 el il ¢ B 175 SRLAR 20 A B 72 (9] T SEALI AR,
2020(8): 31-36. hitps://doi.org/10.16644/j.cnki.cn33-1094/tp.2020.08.008

[2] XUEE, BX#EE. T TF-IDF 1 LDA AR f 2 B AT SOAR TS B A ——LL (D ERIRY SAfII]. AR HR
HiAR, 2020(3): 42-46.

[3] BT, FEH, kM, ik, [ m B R g B AT I ST ARTZ IR D). fEY fEL G B, 2020, 36(12): 31-34.
[4]  wik, A, S, BT SiE Mg i T 3 ORI R BB A T[T, H IR, 2015, 55(6): 611-617.
[5]1 &4, xR, 2%, BESCHEr. EET RS EERIZIE B 5 TS SCAR T[], ALE R, 2020(12): 48-50.

(6] HFh, BRXk, J7EZE, EUIME, XSO ZE TR COVID-19 #mif (1], mBUR S22 (H 22 R), 2020,
66(5): 425-432. https://doi.org/10.14188/1.1671-8836.2020.0045

(7] ZFW. 5T GSDMM ZRSEBEAY AL &8 A STk 28l /) e [D]. K PR, 2017,

DOI: 10.12677/hjdm.2022.122013 122 EAGIEEraE


https://doi.org/10.12677/hjdm.2022.122013
https://doi.org/10.16644/j.cnki.cn33-1094/tp.2020.08.008
https://doi.org/10.14188/j.1671-8836.2020.0045

	基于机器学习的新型冠状肺炎的舆情分析
	摘  要
	关键词
	Public Opinion Analysis of Novel Coronavirus Pneumonia Based on Machine Learning
	Abstract
	Keywords
	1. 引言
	2. 人民网新闻文本的主题分析
	2.1. 数据准备及预处理
	2.2. 基于词云图可视化主题分析
	2.3. DMM模型概述
	2.4. GSDMM模型主题聚类

	3. 主题词层次聚类分析
	3.1. 系统层次聚类
	3.2. 疫情新闻主题词分析

	4. 结论
	参考文献

