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Abstract

To solve the problem of fuzzy image classification, an image fuzzy classification method based on
support vector machine (SVM) wavelet decomposition was proposed. After collecting the samples,
firstly, the image is processed in grayscale, and then the image is decomposed in wavelet trans-
form to obtain the horizontal, vertical and diagonal messages of the second layer. After that,
Fourier logarithm transform is performed on the image to obtain the spectral information in three
directions, and then appropriate threshold is used to carry out the spectral image. Then, the con-
nected domain border markers in the spectrum are processed, the aspect ratio is calculated, and
the aspect ratio is taken as the training standard for network training. The experimental results
show that this method can greatly reduce the computation of fuzzy image classification and has
high accuracy in processing and classifying fuzzy images.
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Figure 1. (al) Defocus fuzzy image level information; (bl) Vertical information of defocused fuzzy image; (c1) Diagonal
information of defocused fuzzy image; (a2) Horizontal information of moving fuzzy image; (b2) Vertical information of
moving fuzzy image; (c2) Diagonal information of moving fuzzy image; (a3) Normal image level information; (b3) Vertical
information of normal image; (c3) Diagonal information of normal image
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Figure 2. (al) Block diagram of horizontal connected domain of defocused fuzzy image; (bl) Block diagram of vertically
connected domain of defocused fuzzy image; (c1) Block diagram of diagonally connected domain of defocused fuzzy image;
(a2) Block diagram of vertically connected domain of moving fuzzy image; (b2) Block diagram of horizontally connected
domain of moving fuzzy image; (c2) Diagonally connected domain diagram of moving fuzzy image; (a3) Block diagram of
horizontally connected domain of normal image; (b3) Block diagram of vertically connected domain of normal image; (c3)
Diagonally connected domain block diagram of normal image
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Figure 3. Algorithm flow chart
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Figure 4. Two random blur images and normal image
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