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Abstract

In recent years, the number of vehicles has not increased significantly, and the continuous im-
provement of intelligent transportation scenarios has made the importance of license plate recog-
nition technology obvious in real life. This article proposes a technology that combines YOLOv5
network and LPRNet network, and uses perspective transformation method to correct the license
plate, thereby achieving the positioning and recognition of the license plate. The model has a re-
call rate of 99.7%, an accuracy of 84.4%, and can accurately recognize the license plate. This ar-
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ticle first provides a brief introduction to the background and content of the research, followed by
an overview of relevant theoretical content, analysis of experimental data and results, and finally
a summary of this study.
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B LPRNet AR SEIUG S R A o 5 iEIEE I ZRI 7 500 & SR AT e, AT e Hb s/
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Figure 1. YOLOv5 Model Block Diagram
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Figure 2. The Network Structure of FPN + PAN
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2.3. LPRNet
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PR R B AR A . H TS5 1 frox, CNN (Convolutional Neural Network) #7837y
FEARMI BN 2 fioR. ffF CTC 45 2% % £ (Connectionist Temporal Classification){F &y LPRNet /X 4% i 45

Table 1. Backbone network structure
1. ETFMBLEH

CESS 24
HNZ 94 x 24 133 RGB K&
EBRE #643x 35K N1
IE PN A= #643x3 S KN 1
INEEA R R #1283 x 35K N 1
NN = #64 3 x 335K N2, 1)
INFEA R #2563 x 3 KA 1
ANFEA R #2563 x 3 KN 1
=P N(X #64 3 x 3K H(2, 1)
Dropout 0.5
EWE #256 4 x 1 KA 1
Dropout 0.5
LBRE #1x13 KN 1

Table 2. Small basic building blocks
2. INEARHIEIR

CES= S

HNZ Cin x H x W 4/ &
LRZ Cout/4 1 x 1K M1
ERZE #643x 3 KN 1
B #1283 x 3 KA 1
LIZ #64 3 x 335K N2, 1)
vtz #256 3 x 35K M 1
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Table 3. Experimental environmental parameters
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Figure 3. YOLOVS5 training result graph
[ 3. YOLOVS V%45 RE

ASCEARHEAT T 300 IRIINGE, 13301 YOLOVS ZE e A RS [ 7 (8] 2278 99.7%, RIS 84.4%.
EARUER RIS, (B E IR . 5 Faster R-CNN 7Y (1 Szad Bom xof Eb 4 S An e 4 Fos, BARUER R
I+ Faster R-CNN =T YOLOV5, {HR2TCTE A [0 Rk 2 Bk 4T3 E 71 YOLOVS T Faster R-CNN
FZ,

Table 4. Comparison table of different models

4. TRIERMEER

SRUUKZEFR GIEES 3RS FPS
YOLOvV5 99.7 84.4 42
Faster R-CNN 84.2 91.6 15
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Figure 4. Diagram of the practical teaching system of automation major
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