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Abstract

The stock market is an important part of the modern financial system, which plays an important
role in improving the efficiency of capital allocation, promoting the healthy development of
economy and guaranteeing the return of investors. With the development of global economic in-
tegration, all kinds of uncertainty factors interweave increasingly frequent volatility in stock
markets, causing some irrational behavior among investors, such as “gambling” investment, over-
confidence, herd behavior. In turn, investors' irrational investment behavior has caused the vola-
tility of the stock market, so it is necessary to deeply analyze the evolution characteristics of in-
vestors’ behavior. Based on this, from the angle of view of the “learning” of stock investors, firstly,
this paper analyzes the characteristics of investors’ behavior, and on this basis, analyzes the in-
vestors’ learning strategies. Secondly, it discusses the structure of investor behavior and the
structure of investor network. Finally, it summarizes the theoretical evolution characteristics of
investors’ behavior in network, and then builds the evolution model of investors’ behavior in
stock market based on learning strategy in network, which provides a theoretical basis for simu-
lation or empirically analyzing evolution characteristics of investors’ behavior. The evolution
model of investors’ behavior in stock market based on learning strategy in network is as follows.
Due to the difference of the structure of investor behavior, different networks are formed among
investors. Under the network, investors’ learning strategies are different because of the different
characteristics of investors’ behavior. Based on the independence of investors, investors form en-
dogenous learning strategies which mainly include reinforcement learning strategies and Baye-
sian learning strategies; and investors choose exogenous learning strategies because of social in-
teraction among investors, which mainly include imitation learning strategies and game learning
strategies. Investors with heterogeneous beliefs choose different learning strategies according to
their own investment behavior characteristics, and based on the learning strategies which they
choose, investors make investment decisions, so as to realize the evolution of investors’ behavior
in stock market, and at the same time in the process of the evolution of investor behavior, the
structure of investors behavior and the characteristics of investors behavior are also in constant
change, and the environment of stock market will be affected.
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Figure 1. Investors’ learning strategy
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Figure 2. Behavior structure of stock investors
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Figure 4. Investors’ non-financial associated network
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Figure 5. Evolution of investor behavior in stock market based on network learning strategies
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