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Abstract

More and more knowledge-intensive services are embedded in industry with the increasing com-
plexity of technological innovation. The set of service institutes and enterprises form the bipartite
network around the activities of technological innovation. Based on the knowledge distance be-
tween service institute and enterprise, the co-evolution model of knowledge diffusion and indus-
trial bipartite network is constructed, and then some computing experiments have made to ana-
lyze the evolutionary process of the model. Some conclusions are obtained from the analysis. The
adequate knowledge distance can improve the knowledge diffusion between service institutes and
enterprises. Average knowledge stock in network increases with the increasing diffusion thre-
shold. However, too high or too low link stickiness has disadvantage to the increasing of know-
ledge stock. The increasing rate of knowledge is very fast in the beginning, and then slows down to
stable status in the end. The industrial network forms a small world automatically during evolu-
tion. The conclusions are very important for increasing knowledge diffusion and promoting inno-
vation capability.
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Figure 1. The diagram of influence of KIBS, technological innovation and industrial Bipartite network
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Figure 2. The diagram of industrial bipartite network based on technological innovation
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Figure 3. The projection network of industrial bipartite network (up: enterprise, down: service organization)
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Figure 4. The relationship among average knowledge stock and link stickiness, knowledge
exchange threshold in projection network
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Figure 6. The relationship among maximum cluster coefficient, link stickiness, and knowledge exchange threshold

B 6. mRABABSHEEME, MRZRHERN IR

LT 6 ATEUR I, R B BIE d X IS SEAA I R IR 2 d B, B BURARER
BT BT BER W Rz, 2 d BUNE,  BABGRRIER B R TGO SR RERTT . [RIE, AE
B BIE d MG DL, SR8 A UL (Clique) TR T U RIS, — TS 55— BT KRR ER
B AR W A 2 LS R YE R . AR TR KRR B, FfEH, /£
RBME o ITEOLT, BT BR— ok AR oA R A AR R B T onh 2 18] (R b, i USRI K
A LR G A, IFHEBEADAMK LR W FIRE AN F. Ha) i, LM REvE N R
BB A BRI B R RE RN K P T ARG B o

I W2 B R R RO AT, W RUREL, R AR, AR S B AL, RIS
N AN R SRORILG . [ 7 AN 8 2 ilge T SR I R H(Cluster Coefficient) 224k il £k Al
VYRR AR & (b, S8 p=02. d=4).

DOI: 10.12677/mm.2018.86082 651 AR B


https://doi.org/10.12677/mm.2018.86082

i 5%

e
=3
>N

o
[=4
Y

Clustering coefficient

. . . . .
0 1 2 3 4 5 6
Time %104

Figure 7. The curve of clustering coefficient C during the evolution of enterprise network
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Figure 8. The curve of average shortest length during the evolution of enterprise networks
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