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Abstract

The tourists’ time-space information and behavior information in scenic spots are contained in the
obtained multi-source heterogeneous tourism data. In order to better monitor, analyze and pre-
dict the big data of traffic flow, this paper first compares the license plate data before and after the
New Year’s Day holiday, and can judge whether the passing vehicles are self-driving vehicles after
De-duplication processing, then the data storage of scenic spot traffic flow based on HDFS is pro-
posed, and the relationship between traffic flow and density and some relevant suggestions are
put forward. Finally, K-nearest Neighbor Nonparametric regression algorithm is used to predict
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short-term traffic flow.
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Figure 1. Relationship of traffic density, flow, workshop time distance and distance
headway
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Figure 2. Fitting of predicted and real traffic flow in each period of New Year’s Day
2022
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