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Abstract

In recent years, with the general improvement of people's living standards, the insurance industry
ushered in a new spring. The extensive business model has been unable to meet the requirements of
the increasing development of insurance companies. How to get rid of the traditional way of mar-
keting, quickly discover valuable customers and keep up with the market, is becoming more and
more important for insurance companies. This article uses customer data from a life insurance
company. Firstly, descriptive statistical analysis was conducted based on the given basic information
of customers, call information, insurance information and risk donation information, etc., to view
the data situation, and data cleaning was carried out to improve the data quality. Secondly, a sepa-
rate logistic regression model is used for learning to generate a feasibility analysis report. Then, the
combined model of decision tree and logistic regression and the combined model of random forest
and logistic regression were respectively used for prediction. Finally, a comparison of the three
models shows that the combined model of random forest and logistic regression is more effective.
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Figure 1. Insurance premium income status chart
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Figure 2. Asset position chart of insurance industry
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Figure 3. Decision tree generation diagram
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Figure 4. Random forest generation diagram
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Figure 5. Positive and negative sample distribution
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Table 4. Evaluation report form
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feature 2 (0.020011) CALLLISTCNT

feature 14 (0.010909) TC_ENDING

feature 12 (0.010357) TC_DAILSTATE_PRIOR
feature 3 (0.009299) CALLLISTCNT XH
feature 4 (0.001710) CALLLISTCNT QT

feature 1 (0.001311) MARRIAGE

feature 15 (0.001014) FREESENDCNT

feature 5 (0.001001) CALLLISTCNT_NOTAKL
feature 11 (0.000678) TC_PHONESTATE

feature 6 (0.001607) FIRST_CALLLIST DATATYPE
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