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Abstract

With the improvement of living standards, people’s spiritual life is becoming more and more co-
lorful. As a part of people’s pursuit of spiritual culture and cultural innovation, film has become
the focus of attention. In a fast-paced social environment, being able to choose your favorite movie
in a short period of time is undoubtedly the best case. To improve the quality of people searching
and selecting movies, one way is to categorize existing movies by theme. There are two ways to
classify texts according to topics: supervised and unsupervised learning. Supervised learning re-
quires manual labeling, which is very time-consuming and labor-intensive. Unsupervised learning
can actively classify categories based on movie content, which not only saves time, but also reduc-
es the economic consumption caused by manual labeling. Therefore, from the perspective of mov-
ie content, this paper proposes to use K-Means clustering method to the unsupervised classifica-
tion of movies. Finally, the classification results are visualized. In each category, movies have a
common theme.

Keywords

Movie Content, Topic Classification, Unsupervised Learning, K-Means Clustering

ETHEASHK-MeansBE S

b AR

M ERY, i B
Email: m15182063060@163.com

Weks HiH: 202043 H26H; A EM: 20204F4H10H; KA HM: 20204F4H17H

H E
MEE AT iR, MIFBMEREREFEEZE. BRAENATEEREH SRS

XESIH: RINE. BT HEEANEN K-Means 2R Hr[). giit2: 58, 2020, 9(2): 265-276.
DOI: 10.12677/sa.2020.92029


http://www.hanspub.org/journal/sa
https://doi.org/10.12677/sa.2020.92029
https://doi.org/10.12677/sa.2020.92029
http://www.hanspub.org

RN

—#R5r, BOARERER. ERTEFISITT, RBEBRENNEN, EEERKEE, TRER
HHERL. AREMERNEFEENRE, TR0 OF N EBIER BT 2K NI
REFDRITR, FEFRENERELIWHT R FRERSEY, REATRE, TR,
TWEEY, ATUESNRBEEENTETRORA, AMUER, TR T A TARERREZTHE
FHik, AXNBEENEAELR, REMSEHK-MeansRET7VE, MEEHITTREESXK; BFE, THRL
PRER, B—RKHT, BREAHRANEE.

XK iRiT]
HENA, EBDR, THE¥Y, K-MeansEKE

Copyright © 2020 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 518

B ECEITI LR, P EZG R RRE, NRAER O RBORSE, SpEmgiiE=E2r8, A
ABERKEF A, CEABAFDREFTR. T =FRIDOk, GBI R &, & B
MG . BN NADERAGH SRS BRI — 7, BONRER SR HEARS, Aakb
BEWISKHLRE SR, AR, BOZokRItEE, 5 TRVER S UM AR . T RPN
(Pt T AT LS T S VR S HRAT RS, BEZ IRt A B A ARER R S 3 KAk ? BN
HUFCA A A FE R AE 7 A0 i BRI 6 i 47 14 FL S 55 [ i

FERXPEIT SATIE T, ASCHR TR iy L i e ekHE 4 100 M, MRAERS 5 gy
AR B RIE A, 220K 100 #H 2T K-Means 38, 38T 100 & HL 52 AR L8 BA AR, JF
R TSR LR, 0 AR HE 44 85 LT 100 FRA A LE 1R I $5 L A
Ho

2. [lRERR S 54

DIEAEMIR R LI RAEREN, SRR R, ML L1 topl00 YK
G, (E AT BRI, SCBAT I TR B LR AR 58, A SR A IR SO O R, sl AR — ik
R, B COCARITE RS A LA — e, bR — R, ERAERERT,
A a3, BRAMBRELE, R o ERS: EARETAE, EHE KL E I,
A&, A T (WLEE RGBih) Ja, R AT BUEE SO TR Ea AL i)y 2GR
R R — 2, T HEAT 8. TR 55kt 100 #6H s R 34T 0 d, o kb, %ig
FSCA K TT i

2.1. BT

AR SCK PRI AL B 3 1 top100 M HUBEAT SRS, AN A R0 Jo L2 RV R, B e
BB R, FE R HUCRARII BT AT, SR RMATRS BURXRKL R
Bro JERMS B F LI ).

DOI: 10.12677/5a.2020.92029 266 Gt 58


https://doi.org/10.12677/sa.2020.92029
http://creativecommons.org/licenses/by/4.0/

AT

JEE 3 B B o top 100 B 5 2 FR K R 1 A+ 4

REE A
step1:i2 Hjiebasy 17 X} 34 Py & 43 17
step2:scikit-learn} 417 Jg 3C A A A& #EAT

HEE B
t-idfit &

————— K-meansi# 1T LA R% |

—————{ R R TR |

Figure 1. The analysis flowchart of K-Means cluster
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Figure 2. The screenshot of top 100 list movie list
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Figure 3. Movie name and plot introduction
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Figure 4. The segmentation results from movie text content
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Figure 5. The features and TF-1DF values from movie text
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Figure 6. The results of K-Means clustering
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# encoding=utf-8

from import

import
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import

reload

def
open :

str
print

def

# print (f)

print
# testcase()

Bff3% 2: TF-IDF EHHE K K-Means K
# coding=utf-8

import

import

import

import

from import

from import
from import
from import
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from sklearn.externals import joblib
reload(sys)
sys.setdefaultencoding('gbk")

if _name_ =="_main__":
corpus =[]
for line in open(*movie_top_jieba.txt', ‘rb").readlines():
corpus.append(line.strip())
time.sleep(1)
vectorizer = CountVectorizer() # H3CAd IR B A REAERETC K alilli] %% | W
E | RO TR
transformer = TfidfTransformer() # Z%REGHHEFAEER tf-idf BUE
tfidf = transformer fit_transform(vectorizer.fit_transform(corpus))
word = vectorizer.get_feature_names()
weight = tfidf.toarray()
resName = ""movie_TF-IDF.txt"
result = codecs.open(resName, 'a‘, "utf-8")
for j in range(len(word)):
result.write(word[j] +"' ")
result.write("\r\n\r\n")
# ITENERCAH) th-idf WIBENE, F—A for BFHFTA XA, EA for FRIFE—EXAT
HIREE
for i in range(len(weight)):
for j in range(len(word)):
result.write(str(weight[i][j]) + ' ")
result.write("\r\n\r\n")
result.close()
# K-Means F2&
random.seed(999)
print 'Start Kmeans:"
clf = KMeans(n_clusters=8)
s = clf.fit(weight)
result = codecs.open(‘'movie_kmeans.txt','a","utf8")
result.writelines("JH K-Means F3&:"+ "\n" +str(s)+"\n’)
for each in clf.cluster_centers_:
result.writelines(str(each)+'\n")
result.writelines(str(clf.labels_)+"\n")
result.writelines(str(clf.inertia_)+"\n")
result.close()
print " K-Means &'
print s

print "REF LA
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AL

print clf.cluster_centers # 8 AN X

print "FEARRT B KR

print cif. labels # BAFEAPT B HI#E

print * 5 2% N2 ) BE B 2 A

print clf.inertia_# FISRIFMEEEMANBRTEE, B/ RES HBEF, BBURF SK
B
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