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Abstract

Random Forest was first proposed by Breiman as one of the algorithms for machine learning.
Based on one regression and one categorical data, this paper uses the 10-fold cross-validation
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method to compare the prediction effect of traditional classical regression and classification me-
thods with random forests. For the regression data, stepwise regression, ridge regression, partial
least squares regression, linear regression and random forest were used for prediction compari-
son, and the 10-fold cross-validation results showed that the prediction effect of random forest
was better than that of traditional regression method. For the categorical data, mixed linear dis-
criminant analysis, linear discriminant analysis, logistic regression and random forest were used
for classification comparison, and the results of 10-fold cross-validation showed that the classifi-
cation effect of random forest was better than that of the traditional classification method.
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Table 1. The meaning of variable names in the compressive strength data of concrete
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Figure 1. 10-Fold cross-verification of average NMSE by five methods for compressive strength prediction
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Table 2. Meanings of breast cancer data variable names
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Figure 2. Average false positive rate of 10-fold cross-validation of breast cancer classification by four methods
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