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Abstract

The recurrent neural network (RNN) has an excellent role to analyze the data characteristics of
integer sequences. Using the principle of feature classification, the selected gene sequences are
pre-classified, and subsequent processes are performed on the classified sequences. In this paper,
the pre-classified gene sequences are segmented and shifted. For the sequence operation after
classification, the gene sequence data sets with different shift-length values are obtained, and the
different data sets are respectively used as the inputs of the RNN classifier. The sequences of dif-
ferent detection data sets are replaced to obtain the final visualized sequence data set. The variant
maps are provided to show a series of visualization results of the variant probability statistics. The
stability of the RNN classifier is analyzed through comparison and analysis of the variant maps and
other diagrams. Multiple substitution relationships in the replacement operation change lengths
of the shift operations to provide a variety of visualization and comprehensive cross-comparisons
to support the analysis and in-depth exploration of the stability problems of the RNN classifier.
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Figure 1. Flow Chart of Data processing
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Figure 2. Operation diagram of pre-classification sequence
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Figure 3. Flow Chart of Classifier classification
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Figure 4. Flow Chart of Classifier classification
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Figure 5. Proportion diagram
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Figure 6. Result of 0 Length-Shift
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Table 1. System resulting data of standard experiment
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