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Abstract

Based on the three key points of web search engine, automatic data classification and classifica-
tion, and public service platform, this paper studies the key technical routes of data collection
based on vertical search engine, automatic classification and classification of data based on CNN,
and high concurrency cloud service based on microservice architecture. Aiming at the problem
that the recognition rate of traditional long-term and short-term memory neural network and
convolution neural network is not high, this paper proposes a long-term and short-term memory
fusion of CNN and attention mechanism to improve the classification and recognition accuracy of
policy data. The first mock exam is to get the first mock exam vector matrix from word2vec data,
and then input it into the traditional machine learning classification model. Based on this, we use
the model fusion technology to fuse the model with better classification effect in the single model,
and finally get the classification results of the fusion model and single model and compare them.
The results show that the technical route proposed in this paper effectively solves the key prob-
lems such as weak timeliness of information, lack of information integrity, and insufficient accu-
racy of information push, so as to effectively improve the landing conversion ability and effect of
policy support.
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Figure 1. Platform technology roadmap
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Figure 2. Rancher cluster management architecture
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Figure 3. Cloud platform of policy express
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Figure 4. Main function module diagram of policy express
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Figure 5. Example of comprehensive service cloud platform of policy express
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