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Abstract

The various NPUs used by the existing image intelligent processing platforms are costly, and are
non-embedded platforms without supporting accessories and cannot work alone; while the exist-
ing embedded platforms lack computer vision and machine learning-related software libraries.
This article will focus on solving the above two problems, so we have designed and implemented
an image intelligent processing platform based on STM32 series chips. The platform can be widely
used in the Internet of Things, smart homes, smart cities, etc. We have developed a software li-
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brary for it, including basic image processing algorithms and multi-granularity cascading forest
(gcForest) inference, making the platform capable of being applied to a variety of computer vision
tasks. Based on the STM32 series of chips, the platform can provide flexible hardware expansion,
allow expansion of multiple memory formats, provide optimization support for functions, storage,
and performance, and meet the user's personalized application needs.
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Figure 1. Cascade forest structure diagram
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Figure 2. Feature representation of sliding window scanning
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Figure 3. Schematic diagram of training library workflow
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