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Abstract

Driven by the rapid development of industrial intelligent revolution, knowledge graph is increa-
singly applied to the industrial field. In this paper, we take the maintenance records of production
equipment in a heat dissipation film production factory as the data source, and we use the con-
struction method of the combination of top-down and bottom-up. Firstly, we process and analyze
the original data, and complete the construction of the knowledge graph pattern layer (ontology)
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with the guidance of professionals. Secondly, through the extraction of data sources, according to
the relationship between ontology in the pattern layer we construct the triples of knowledge graph;
finally, the knowledge graph we construct is stored in the graph database called Neo4j. The con-
structed industrial equipment maintenance knowledge graph is intuitively expressed in the form
of nodes and edges. This knowledge graph can be applied to build the evaluation system of main-
tenance personnel, intelligent question and answer system, intelligent recommendation system and
maintenance anomaly early warning system.
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Figure 1. The construction process of the knowledge graph
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Figure 2. Production process of graphite heat dissipation film

B2 REHAEREESTRF

X A A AT RIS, AR AR SR A A R 7 5 RS B e A P A [R]I th
i R B O A B 2 R VI (AR D) 22 181 B 70 VIAL . BEDIAL, bl IR A8 2R 1A Al b s BAed
FEFENLEE . TE I Em i A, R e, B IREMANME R Z & Wk 4 Bros.

Table 4. Statistics of equipment maintenance times
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Figure 3. Ontologies of equipment maintenance
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Table 5. Entities of ontologies in the scene of equipment

maintenance

= 5. WRUEBIHREAREIE
ENEN I
W WS

DOI: 10.12677/sea.2021.105069 649 B TR S N


https://doi.org/10.12677/sea.2021.105069

i
S

i
Continued
Ak #f% 1D
BN A YE1E Rk
£ 4E12 D
PR SN A
A N =

B 1 X RIS A S A, ASARTR] 9% 2 1 SO TR ST IR 5] B RS MR th A SR F L
%6 PR B R B R B I S S AR K R R RPAETIPPIADREE KR, 0“8 - i
B - AR FORFER A R TR

Table 6. Relations between ontologies in the scene of
equipment maintenance
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Figure 4. Statistics of segmentation result
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Figure 5. Presentation of knowledge graph
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