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Abstract

It is effective to improve electricity companies’ efficiency of collecting electricity charge by subdi-
viding the payment behavior of electricity customers and adopting the improvement measures
targeted. Based on the traditional RFM model, this paper proposes an index system and customer
segmentation method which is suitable for the power customer system. Firstly, the WFM index
system based on the electricity customer’s payment behavior is established. Then, K-means clus-
tering method is used to obtain the optimal number of cluster with the best clustering goodness.
The SOM neural network is used to cluster the customers, and the attributes of each group are
compared with the overall attributes. So, the customer segmentation results are obtained. Finally,
this method is applied to the detail data of electricity customer in Ningcheng County, Chifeng City,
Inner Mongolia. Four different types of customer groups are extracted, and the corresponding
marketing strategies of payment channels are put forward respectively. So, the feasibility and va-
lidity of this method are verified.
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Figure 1. The process of subdivision and mining of electricity customers’ payment behavior
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Figure 2. Relationship between data tables
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Figure 3. Selection of optimal number of clustering
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Figure 4. Clustering results of SOM neural network
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cluster] 36.81) 5.5967 848.1) 36.54) 0} 0.263 0.01]
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Figure 5. Final classification results
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