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Abstract

Power load classification is the basic data and key indicators of power system planning and opera-
tion control. The location characteristics and load characteristics of Xinjiang region obviously de-
termine the classification of power load is particularly important. Therefore, it is of great engi-
neering value to carry out accurate classification research of power load in Xinjiang. This paper
proposes a power load classification method based on daily load curve and K-means clustering
algorithm in Xinjiang. Firstly, the load characteristics of Xinjiang region are analyzed, and the load
classification ideas and classification indicators of Xinjiang region using daily load curve data
processing are proposed. Then the load classification in Xinjiang is realized based on K-means
clustering. The results show the correctness and effectiveness of the proposed method.
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Table 1. The connotation of clustering indicators
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Table 2. Daily load curve separation results

2. Ao fTHL S BER

B hr 7R I\ B EE N SETE FEPAL FATAR
AR I Z i o5 B 451 1 1 1 1 1 1
Tk R 0.977008006  0.496885151  0.817770416  0.876200184  0.822586463  1.036241135
Tk 0972178153  0.53583321  0.789127048  0.89819742  0.830042573  1.001036219
Tk 0.824917826  0.53283285  0.747649016  0.949458677  0.834512254  0.988696443
LNV TEACA I ZI AT o5 Lo A5 0 0 0 0 0 0
Aol 0 0.072686906 0 0.024490425  0.008982804 0
folvr2% 0 0 0 0 0 0
Al v 0 0 0 0 0 0
PV IEARA I ZI BT o o) 0 0 0 0 0 0
RN 0.027960068  0.430427942  0.218527121  0.099309391  0.168430733 0
T 2% 0.027821847 046416679  0.210872952  0.10180258  0.169957427 0
[ERIAL = 0.023607543  0.461567722  0.199789065  0.107612581  0.170872628 0
S RAEARAS B %I o LG 431 0 0 0 0 0 0
Ja R 0 0 0 0 0 0
J B 22 0 0 0 0 0 0
JE B 5 0.151474631  0.005599428  0.052561919 0 0 0.012327002
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Figure 1. K-means clustering algorithm flow chart
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Figure 2. SSE calculation result
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Table 3. Partial site clustering indicator (Xia Da)
3. Mo RREERERKX)

75 H 3 P, P, P, P, r B
Tl 0.933472542 0 0.018774214 0.048758633 0.870026692 0.775682694
T2 0.617535287 0.017644639 0.36304624 0.001773833 0.78753517 0.475842759
T3 0.835457107 0 0.155568415 0.016576699 0.861062909 0.677417167
T4 0.936509937 0.005296025 0.074847576 0 0.920576908 0.856519444
T5 0.874000187 0.001952919 0.125673056 0 0.890487979 0.756192498
T6 1.004193656 0 0 0.003670176 0.942834051 0.898659978
T7 0.808657896 0.002175037 0.205726788 0 0.876273226 0.70657552
T8 0.924761497 0.003626641 0.063381477 0.008230385 0.923288899 0.803837955

Table 4. Clustering results (summer)
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Table 5. Clustering results (winter)
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Figure 3. Clustering results (summer)
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Figure 4. Clustering results (winter)
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3.3. BEAHRITM
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Table 6. MIA and CDI calculation results
= 6. MIA 1 CDI Bt E LR

RBHEIE K-means 532 FCM 3% Ward 5% SOM #iik
P15 MIA $RbR 0.1456 0.1521 0.1488 0.1719
“F-1) CDI 48 %5 0.0805 0.0955 0.0804 0.1048

5 FCM. Ward. SOM HiE#HLE, K-means HiEMIT-HEIMIARCDI FMEAIXS TN, FRYRTF L. Ik
Ab, A SO BT B 45 S O 7 i 88 H X L AR [ 3 67 g AR K SR T S B N o X T R R IR A g AR A
BT T afl, SRR, AR PRI EEE R .
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