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Abstract

With the rapid development of information science and technology, the amount of information
becomes huge. The demand of technology on information processing will be high and the original
traditional information processing methods cannot fully meet the requirements of people. So the
study of compression perception theory is very important. The main content of this thesis is the
reconstruction algorithm, which has played an important role in the theory of the compressed
sensing. In order to overcome the nonsmooth problem in |, norm, this paper proposed a new

Maximum Entropy Function Method (MEFM) to solve the |, optimization problem and proved

the convergence of the new algorithm. Numerical experiments demonstrated that the new algo-
rithm is feasible and effective in signal reconstruction.
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Figure 4. Reconstruction effect of one-dimensional signal
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Figure 5. Reconstruction effect of one-dimensional signal
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