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Abstract

As an important industrial measuring equipment, ultrasonic flowmeter is widely used in fluid de-
tection. Flowmeters with different designs collect different characteristics and generate a large
amount of data at every time, every minute and every place. These data have different similarities
and structures. Traditional machine learning cannot efficiently use such data. This kind of prob-
lem requires transfer learning method. In this paper, we deal with similar data generated by dif-
ferent flowmeters, transfer learning under the condition of higher data similarity, and obtain bet-
ter results.
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Table 1. Data information
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Figure 1. Kernel density function curve
1. AR B R R 2

Table 2. MMD result
2. MMD BEELZERR

Hs R IR testMean testVar testCDF

C A% 0 0 0

D HHdE 0 0 0
C+D & HE 0.4834 0.0033 0

Table 3. Tradaboost result
3. IBFEITEERE

Kol R BOHIAGE I (%) BARHEE (%) T EKE L (%) bRifE %
CHiT# D 4 SVM 89.23 69.34 80.05 3.73
D 4HiT# C 4 SVM 91.21 75.21 86.02 3.76

XA RIS 2 21 07 %, A R BT & SVM 72852 5], RS RENR 4 R .

Table 4. Traditional machine learning results
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Hd R RS (%) A (%) SRR (%) brifE 72
C. D #HHURIREG SVM 84.19 53.87 72.37 532
C HillZk, D A SVM 42.31 0.00 8.71 5.90
D A%, C 4k SVM 63.75 21.25 40.35 8.54
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