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Abstract

The use of addictive drug is a crisis that the U.S. government has to face. Federal organizations
such as the Centers for Disease Control (CDC) are struggling to “save lives and prevent negative
health effects of this epidemic”. NFLIS publishes a data report, which addresses “drug identifica-
tion results and associated information from drug cases analyzed by federal, state, and local fo-
rensic laboratories.” After a series of data analysis and statistical chart fitting, according to addic-
tive drug quantity proportion of each year with the corresponding year and continents, by the al-
gorithm of BP neural network, with normalized after year and opioids for rate as input, with bi-
nary code after the state number as output, training, we can draw the conclusion: the earliest oc-
currence of addictive drug in five states is B state. According to the analysis of the model estab-
lished by us, counties with a large number of drug reports are likely to drive the increase of drug
reports in surrounding counties, thus leading to the increase of drug reports in the whole state.
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Figure 1. Curve: Addictive drug data analysis histogram
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Figure 2. Curve: Addiction drug data analysis scatter plot
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Figure 3. Curve: Schematic diagram of neural network training process
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Figure 4. Curve: Schematic diagram of annual growth rate of addictive drugs
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Figure 5. Drug distribution with latitude and longitude
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