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Abstract

On the basis of enumerating and elaborating the performance evaluation indexes of emergency
communication network, this paper first used entropy weight coefficient method to determine the
weight of each index, then, the evaluation weight was determined by the fuzzy comprehensive
evaluation method. Finally, the performance of emergency communication network was evaluated
by constructing artificial neural network model. The results show that the evaluation results by
artificial neural network are consistent with the target values.
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Figure 1. Bipolar scaling method
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Table 1. Target evaluation results
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Figure 2. Three-layer BP neural network structure
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inputnum=9;

hiddennum=5;

outputnum=3;

bpnet=newff(pr,[hiddennum outputnum],{'logsig’,'logsig'}, trainglm’,'learngdm’);
%% B A %Il 2R S50
net.trainParam.epochs=1000;
net.trainParam.lr=0.01;
net.trainParam.goal=0.00000001;
net.trainParam.show=10;
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Figure 3. LM algorithm training performance curve
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