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Abstract

Forecasting the sales volume and making a good sales volume forecast are important bases for
manufacturers to make a good production plan. In this paper, the sales volume and the order
volume prediction of the latest generation of mobile phone products are studied. On the basis of
the data given in the topic, the author selects the appropriate scientific principles and forecasting
methods, to process and mine the data, and establish a forecasting model, and then processes and
analyzes the model, studies and makes a forecasting model of mobile phone sales, so as to provide
convenience for the sales of merchants. This paper focuses on the relevant knowledge of statistical
learning theory for statistical estimation and prediction. Because the practical part of statistical
learning theory is support vector machine, which can effectively realize the design method of
minimizing structural risk, this paper adopts the method of least square support vector machine.
Based on machine learning theory and statistical theory, a complete modeling work is carried out
by using support vector machine. The prediction results show that the model has high prediction
accuracy, and based on various conditions such as influencing factors of mobile phone sales, it re-
alizes the systematic prediction of mobile phone sales, which has good development and can pro-
vide convenient conditions for electronic enterprise manufacturers.
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Figure 1. Support vector machine model
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Figure 2. Modeling process of predicting mobile phone sales
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Figure 3. a-3 model fitting diagram of predicted data and actual data (1~80 weeks)
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Figure 4. a-3 model fitting diagram of predicted data and actual data (60~80 weeks)
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Figure 5. a-3 predicted data predicted value in the next 20 weeks
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Figure 6. b-2 model fitting diagram of predicted data and actual data (0~80 weeks)
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Figure 7. b-2 model fitting diagram of predicted data and actual data (60~85 weeks)
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Figure 8. b-2 sales forecast for the next 20 weeks
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Figure 9. Model fitting diagram of c-1 predicted data and actual data (0~50 weeks)
9. c-1 N # 4R 5 SEAREUIER B S B (0~50 /&)

4
15X10 T T T T T T T T T

[—— |

10

BiEE
(6]

Figure 10. c-1 sales forecast for the next 20 weeks
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Figure 11. Model fitting diagram of predicted data and actual data (0~45 weeks)
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Figure 12. e-2 forecast value of Class A + B orders in Area A in the next 20 weeks
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Figure 13. Model fitting diagram of predicted data and actual data (0~70 weeks)
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Figure 14. d-3 forecast value of B + C orders in area a in the next 20 weeks
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Figure 15. Model fitting diagram of predicted data and actual data (0~80 weeks)
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Figure 16. d-3 forecast value of Class A + B orders in Area A in the next 20 weeks
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