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Abstract

In this paper, we consider a conditional gradient algorithm for the split feasibility problem. We get
the iterative direction by solving a linear subproblem, use the step size obtained by the line search
as the convex factor, and get the new iteration point by the convex combination of the current di-
rection and the previous step iteration point. The algorithm does not use projection in the update
step. And the obtained solution has good properties of sparsity and low rank. The numerical expe-
riment compares the performance of the proposed algorithm with other algorithms under the
same calculation example.
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Figure 1. Lemma 2.2 schematic diagram of projection inequality
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Figure 2. Conditional gradient method iteration diagram
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Figure 3. Comparison of iterative paths of the three algorithms under different initial points
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Table 1. Comparison table of solving efficiency of three methods for more special initial points
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Figure 4. The change of the objective function value of different algorithms in the iterative process
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