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Abstract

For the current text mining sentiment analysis, there is a lack of systematic analysis and research,
this paper establishes comprehensive evaluation indicators, systematically analyzes the advan-
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tages and disadvantages of products, clarifies the direction of improvement and constructs a mod-
el based on fine-grained sentiment analysis. Firstly, the comment text is preprocessed and seg-
mented, and then the LDA topic model is used to build the attribute dictionary, and the HowNet
sentiment vocabulary is used to build the sentiment dictionary with new words on the Internet;
then, in order to obtain the sentiment data set, use the comment usefulness rule and sentiment score
rules, scoring useful phrases; finally, four major evaluation indicators are established to conduct
comprehensive evaluation and visual analysis of three mobile phones. The results of the model data
show that the four indicators can significantly highlight the advantages and disadvantages of the
products, which can help the producers to understand the key development direction more quickly
and accurately, and also help consumers to choose the products they like more conveniently.
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Figure 1. Online comment sentiment analysis model
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Table 1. Mobile phone attribute vocabulary
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Table 3. Emotional scoring formula
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Table 4. Three types of mobile phone evaluation index results
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Figure 2. Histogram of satisfaction
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Figure 3. Bar chart of variance
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