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Abstract

During the flash sale of cross-border e-commerce companies, due to the limitations of time and
data, we use the historical activity performance data and part of the data of this activity to process
these data, and then use the BP neural network model to predict the performance sales in the next
period of time.
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Figure 1. BP neural network structure diagram
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Figure 2. Neuron input and output diagram
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Figure 3. Error function trend graph
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Figure 4. Comparison of predicted and true values
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Figure 5. BP neural network prediction global comparison chart
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