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Abstract

Natural disasters have a great impact on the overall operation of society, economy and people’s
livelihood. How to effectively respond to and implement relief in the event of disaster is a difficult
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problem faced by the government and relief organizations. This paper studies the microblog data
of rainstorm disaster in Henan province in July 2021. VADER was used for emotional polarity
analysis, and LDA theme model was mined based on negative emotional information. The study
shows the network public opinion when the storm disaster occurred, to provide effective disaster
relief information to the government and relief agencies, give necessary information support for
rescue strategy, and provide help to reduce disaster losses.
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Table 1. Distribution of emotional polarity number
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Figure 1. Results of classification
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Table 2. Thematic distribution based on negative emotions
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