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Abstract

With the integration of global economy and finance, the transaction scale of stock market keeps
increasing, so it is difficult for traditional econometrics to fully learn the nonlinear changes of
stock market. In this paper, long and short-term memory neural network (LSTM) in deep learning
is used as the basic model to predict the opening price of stock data. In the experiment, data of
Guangju Energy and Norinco International are selected, and then Attention Mechanism is intro-
duced into THE LSTM network model. Through experiments, the prediction accuracy of the model
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is significantly improved, indicating that the AM-LSTM network model has certain reliability in the
field of stock prediction.
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Figure 1. LSTM network standard structure
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Figure 2. Frame structure of attention based Encoder-Decoder
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Figure 3. Opening price of Guangju Energy
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Figure 4. Opening price of Norinco International
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Figure 5. Opening price forecast of Guangju Energy
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Figure 6. Opening price forecast of Norinco International
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