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Abstract

In this paper, 50 constituent stocks of Shanghai Stock Exchange are selected as the stock pool. Ac-
cording to the relevant factors and stock data in the corresponding time period, the gated recur-
rent unit network model based on attention model is used for classification prediction, the mul-
ti-factor stock selection model is established, the stock selection strategy is constructed, and fi-
nally the constructed portfolio is back tested. The strategy takes into account the risk and return,
and can obtain excess return while controlling the risk.
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Table 1. Contribution rate

1 mEkE
T F1 F2 F3 F4 F5 F6
B Btk 0.210972 0.148613 0.091765 0.071063 0.054442 0.03962
B TR E 0.210972 0.359585 0.45135 0.522412 0.576854 0.616474
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Figure 1. Encoder decoder framework
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Figure 2. Structure diagram of Gated Recurrent Unit
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Table 2. Classification accuracy and training time table
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Figure 3. Strategic return and benchmark return
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Table 3. Back test results
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