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Abstract

As an unsupervised learning method, clustering analysis can effectively mine various potential
relationships in data. Graph clustering is a clustering algorithm based on similarity matrix, which
is generally transformed into the problem of undirected graph partition. In order to expand the
application of atlas clustering in big data analysis, starting from Laplace matrix, combining the
characteristics of adjacency matrix and degree matrix, the objective function of atlas clustering is
relaxed, and a more general form of atlas clustering model is obtained. In addition, the equiva-
lence between the relaxed model and the original problem and the convergence of the iterative
point sequence are proved theoretically.
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