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Abstract

In insurance practice, claims management, business practices, monetary policy and legislative
changes occur frequently, which will have the same impact on claims occurring in the same calen-
dar year. Modelling correlations between multiple claims from the same calendar year has the po-
tential to further improve forecasting accuracy. In this paper, Gaussian process regression (GPR)
and composite kernel method are used to model the log-transformed incremental claim data, so as
to introduce the correlation between the same calendar year and improve the prediction accuracy.
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We conducted empirical analysis on three lines of business from NAIC database, compared and
demonstrated the performance of our models, which provided a new idea for future research.
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Table 2. The observed and the predicted values of each model
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