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Abstract

Due to geographical and climatic factors, the Jiangnan region will enter the plum rain season every
summer, with frequent precipitation. In order to more accurately analyze the precipitation in the
plum rain season, it can better predict the possible flood disaster in the plum rain season, so as to
prevent greater economic losses, in this paper, the precipitation in Nanjing during the plum rain
season was taken as an example, the meteorological observation data from June to July of 2011 to
2022 were used to select the element data of precipitation weather, and the diagnosis and analysis
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of the precipitation occurrence in Nanjing was carried out based on Bayesian network model and
decision tree model. The results show that the accuracy of Bayesian network model is 83.61%, and
that of decision tree model is 81.97%. It can be seen that the accuracy of Bayesian network model
is higher and the effect is better.
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DUIH-1 [} 4% (Bayesian network), MR N{E FE M (Belief Network, BN)a A [7) LIF R, & — 2 1K
AL, —EA AR ER— AR R R AR, Hb, ARSI R (X, X, X, AR%E
FORBRZAAFRKLR, TR MRE17].
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Figure 1. Simple Bayesian network diagram
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4. fHEE
4.1. BURALE
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T2 D R LSS WS R BEAT 40 M o 0T T 3 T M R 21 PR OR AU I TR) 3 A RF AR EAT i, X e
M RE 5T 6~7 H FEK RS R ERFHEEAT G0 04T, B BRI 78 5 30 T PR B K R A R AR A
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Figure 2. Time distribution diagram of rainy weather frequency
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Figure 3. Time distribution diagram of rainstorm weather frequency
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Figure 4. Graph of atmospheric pressure frequency in rainy weather
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Figure 5. Graph of atmospheric pressure frequency in rainstorm weather
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Figure 6. Graph of relative humidity frequency in rainy weather
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Figure 7. Graph of relative humidity frequency in rainstorm weather
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Figure 8. Graph of mean wind speed frequency in rainy weather
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Figure 9. Graph of mean wind speed frequency in rainstorm weather
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Figure 10. Bayesian network model diagram
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