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Abstract

Recovering an unknown signal from quadratic measurements has gained more attention, such as
phase retrieval, power system state estimation and the unlabeled distance geometry problem. In
this paper, we reconstruct the unknown signal from high-dimensional quadratic measurements.
By employing folded concave penalized least squares method, our main result shows the non-
asymptotic error bound between the estimator and the true signal. Our result shows that the es-
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timator has the same support set as the true signal. In addition, we focus on two typical folding
concave penalty functions, SCAD and MCP.
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