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Abstract

For the stochastic optimization problem with equality constraint, this paper first considers the SAA
problem of obtaining the objective function of the original problem based on the SAA method, and
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uses the penalty function method to transform it into a general unconstrained convex optimiza-
tion problem. Next, a second-order differential equation algorithm is established to solve the ob-
tained problem. This paper also proves that when the parameters of the algorithm meet certain
conditions, the second-order differential equation algorithm has good convergence, and its con-

vergence rate is o(tizj , and finally a specific numerical example is given to verify the feasibility of

the algorithm.
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Figure 2. Image of the distance between the solved and the mini-
mum point over time
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