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Abstract

Quadratic measurement regression models have received extensive attention in many research
fields, such as phase recovery, power system state estimation, and unlabeled distance geometry
problems. This paper focuses on how to recover the unknown signal effectively in the secondary
measurement model. Reweighted Wirtinger Flow (RWF) method is used to reconstruct real signals,
and it is proved that the proposed method can converge to local minima under certain conditions.
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Numerical experiment results show that the proposed algorithm has excellent performance in sig-
nal recovery success rate and computational efficiency.
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Figure 1. Results of RWF, WF and Phaselift algorithm in noiseless condition
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Figure 2. Results of RWF, WF and Phaselift algorithm in noisy condition
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