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Abstract

Taking into account the actual situation of real networks and the inability of the BA scale-free
network model to capture the high clustering characteristics of real networks, this paper proposes
a distance-preference based network evolution model with a tunable parameter. Through simula-
tion experiments, it is shown that the degree distribution of the model no longer follows a scale-
free distribution, but instead follows a negative exponential distribution. By adjusting the value of
the distance-preference dependence parameter, the clustering coefficient of the network model
can be adjusted, thus obtaining a network model with higher clustering properties that is more
closely aligned with the characteristics of real networks.
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Figure 1. Node degree distribution of Distance-Preference Network
Modelin double logarithmic coordinates
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Figure 2. Node degree distribution of BA Model in double logarith-
mic coordinates
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Figure 3. Clustering coefficient of the distance-preference network
model and the BA model
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