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Abstract

Combining the semi-parametric approximate covariance function (SPAC) and Lasso penalized es-
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timation method, we propose a variable selection approach based on SPAC-Lasso penalty for a
class of longitudinal generalized linear models. Under some regularity conditions, we demon-
strate the consistency of the proposed variable selection method and provide the convergence
rate of the resulting regularized estimates. The proposed variable selection method allows for
high correlations among covariates, improving and extending the applicability of existing variable
selection methods.
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