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Abstract

There is great uncertainty about consumers’ willingness to buy new energy vehicles. Based on
customer satisfaction and personal characteristics as the main factors of the analysis. The decision
tree model is used to study the purchase intention of customers. Through case analysis, we identi-
fy the main factors that affect customers’ purchasing intentions for various brands. For brands 1
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and 3, the main factors affecting customer purchase intention are the quality and driving experi-
ence of electric vehicles, while for brand 2, the main influencing factor is economic issues. And the
satisfaction of the Kano model was used to provide marketing recommendations for each brand’s
marketing.
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Figure 1. Three brands of violin charts
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Table 1. Decision tree result diagram

1 IRRMEERE

SR
AR CHAID
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Table 2. Shows the prediction results
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Table 3. al~a8 ratings for customers with numbers 2, 8, 15 and no intention to buy
3. /=2, 8. 15 A REAMIEEMHE al~a8 iFH

5 o g al a2 a3 ad a5 a6 a7 a8 Py DM
i 1 85.04 87.65 81.56 88.88 85.63 86.14 84.31 81.44 0
kg 2 82.80 83.24 77.81 85.61 84.02 83.60 82.15 81.09 0
w3 83.58 81.09 70.44 81.45 74.69 80.85 75.43 73.66 0
MR AT IE H P E R ZR ) a3, a6, a7. a8, KK M. AL O, |, IBRERWE 4 Pis:
Table 4. SJ and DSJ values of the three brands
F+ 4. =/ mhgHY SJ EFI DSI
A 1 A 2 A 3
SJ 0.511 0.511 0.520
DSJ —0.497 —0.503 0.486
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