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Abstract

In this paper, we present a weighted tensor Schatten-p norm (0 < p <1) regularizer for robust tensor
completion. Corresponding algorithms associated with augmented Lagrangian multipliers are es-
tablished. Although the proposed weighted tensor Schatten-p quasi-norm is non-convex, it appears
not only to less penalize the singular values but also to be effective in capturing the low-rank prop-

erty.
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Figure 1. Comparison of the recovery effects of the 10th frame under different methods under the condition of SR = 0.3,
y=0.3
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Table 1. Comparison of PSNR values of the recovery results of two subjects (Subject 1, Subject 2) under different conditions

5 1. MR ZiX# (Subject 1, Subject 2)FEARE] FH TRV IR E L5 R AY PSNR EXTEE

SR 4 RTC-TNN(F) RTC-TNN(D) WSNRTC(F) WSNRTC(D)
0.1 26.6958 28.6409 28.3630 29.7715
Subject 1 0.3 0.2 24.3502 26.1680 27.5982 28.6926
0.3 22.3206 24.5449 25.8110 27.2261
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5%
0.1 25.9255 28.1704 28.2868 29.6994
Subject 2 0.3 0.2 22.5431 25.3941 27.4091 28.9150
0.3 21.7234 23.7045 25.8917 27.2264
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