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Abstract

This article explores the research topics in the field of traditional Chinese medicine over the past
30 years, summarizes the mainstream, changes, and evolution of traditional Chinese medicine re-
search topics, crawls master’s and doctoral theses and authoritative journals in the field of tradi-
tional Chinese medicine, divides time periods to analyze research directions and methods, and uses
word cloud maps, word frequency statistics, and LDA topic models to analyze research topic hotspots.
Analyzing master’s and doctoral theses and journals in the field of traditional Chinese medicine, 14
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main research topics were ultimately integrated. The master’s and doctoral theses mainly focus on
signal pathways, including traditional Chinese medicine and diseases; China Journal of Chinese Ma-
teria Medica focuses on research and statistical analysis of traditional Chinese medicine; and Jour-
nal of Traditional Chinese Medicine focus more on the diagnosis and treatment of specific diseases.
The LDA topic model can effectively explore research topics in traditional Chinese medicine litera-
ture, and 80% of them can be validated by relevant literature reviews in the field.
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Figure 1. Trend chart of changes in papers and journal literature
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Figure 2. Keyword cloud diagram for master’s
and doctoral theses
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Figure 3. Keyword cloud diagram of China Jour-

nal of Chinese Materia Medica
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Table 1. Keyword frequency in master’s and doctoral theses
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2000~2012 4 2013~2017 4 2018~2022 £
P AL G A (G P! A
(R %ix 559 Jo A HE 314 &% 269
Jo AR HE 552 &A% 310 R 260
fag &g 316 fag &g 226 MS 211
I RATF 5 313 (7R 218 R = 206
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A& 80 I PRI % 76 EiiE 77
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Table 2. Keyword frequency in China Journal of Chinese Materia Medica
2. (hEFHRE) XBIATM

1993~2002 4F: 2003~2012 4 2013~2022 4
PS4t iEE S ] T S TR
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Table 3. Keyword frequency in Journal of Traditional Chinese Medicine
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Figure 5. Curve chart of perplexity for master’s and doctoral theses
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Figure 7. Curve chart of perplexity for Journal of Traditional
Chinese Medicine
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Figure 8. Visualization of LDA topic model for master’s and doctoral theses
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Table 4. Distribution of subject words in master’s and doctoral theses
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Figure 9. Visualization of LDA topic model for China Journal of Chinese Materia Medica
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Table 5. Distribution of subject words in China Journal of Chinese Materia Medica
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Figure 10. Visualization of LDA topic model for Journal of Traditional Chinese Medicine
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Table 6. Distribution of subject words in Journal of Traditional Chinese Medicine
F6. (PEHRE) EHAIH

Topic 55 3 U 5% fe e (1 1A]
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2 R IR B NRREm 204 IfR DhRe B mWAE Al R4 k4 PR
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MFE . I, R MR, AR A%, 10) IR BRI BT 3 B0 e S5 vk i
RiFD . PR TE . OB S T AT AT 7 R A B v
33. ARAERL

HiA 2 B OB IA R A AT A LDA @ a5 ST LR B, = FoCikA 2 25 A 38, K s
FEMTAE Y, AEE 2GS 14 N EE R, HAK TR E 7,

Table 7. Main research topics and contents of traditional Chinese medicine
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