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Abstract

Dermatological diseases are among the most common diseases worldwide. Accurate, timely, and
effective classification of dermatological disease images is of great significance for the diagnosis of
dermatological diseases, and the research on high-precision classification algorithms is a hot and
difficult issue in this field. In recent years, deep learning algorithms have shown great potential for
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development in the field of dermatological disease diagnosis, with broad application prospects.
This paper adopts the Swin Transformer model, an improvement based on the Transformer model,
to construct a dermatological disease diagnosis model based on the Swin Transformer. The model
is experimentally verified on the HAM10000 dataset. The study proves that the model significantly
improves the accuracy of dermatological disease diagnosis and is expected to promote the field of
dermatological disease diagnosis in a more efficient and precise direction, providing stronger ex-
perimental support for clinical practice in this field.
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Figure 1. The architecture diagram of Transformer [7]
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Figure 2. The architecture diagram of the Swin Transformer
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Figure 3. Examples of dermatological disease categories in the HAM10000 dataset
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Table 1. Comparison of accuracy rates between the dermatological disease diag-
nosis model based on Swin Transformer and other models on the HAM10000
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Table 2. Classification precision of the dermatological disease diagnosis model
based on Swin Transformer for seven dermatological disease categories on the

HAM10000 dataset
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