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Abstract

With the development of automation and intelligent systems, efficient path planning has become
one of the key technologies in the fields of robotics, autonomous vehicles, and drone navigation. In
this paper, we study the path planning problem based on deep reinforcement learning. We design a
series of reward functions to improve the agent’s path planning ability, and verify the effectiveness
of the algorithm through simulation experiments.
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Figure 1. Agent path planning
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Figure 2. Reward curve
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